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Methods we did not cover (but that you 
may encounter / may want to use)

• Matching methods. Idea: if don’t have exogenous variation in 

“treatment”, at least make treated and control groups as similar 

as possible along observable dimensions.

— propensity score matching (PSM) – used primarily for binary 

treatments

— coarsened exact matching (CEM)

— matching based on “distance” of X variables

— see Roberts-Whited section 6; Verbeek section 7.2.4

• Downsides/limitations: 

— still not a “real” identification strategy – but can be combined with 

others (as seen in papers we discussed)

— worry that worsen balance on unobservables

— generally feels a bit ad-hoc – which variables used for matching, 

how many matched observations per treated unit, etc.
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Methods we did not cover (but that you 
may encounter / may want to use)

• Models for binary or discrete outcomes (logit, probit, tobit, 

ordered/multinomial logit, count data models [Poisson etc.])

• Selection models (Heckman)

• Duration/survival models (e.g. Cox model) 

— all of these are at least briefly discussed in Verbeek Ch. 6

• Local projections – useful to trace out dynamic effects (impulse 

responses) of a “shock” 

— primarily used in macro, where they have almost replaced VARs, 

but also seen in finance papers

— see https://sites.google.com/site/oscarjorda/home/local-

projections (including review article forthcoming in JEL)
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Log(y + 1)

• Very common in corporate finance type settings: outcome 

variable that has many zeros & some positive values – e.g.

— number of patents filed by a firm f in year t

— total loan $ made by a bank b to a firm f in year t

• The positive values are often very skewed, so would like to 

use log tranformation – but can’t do that with y = 0

— also would like to keep semi-elasticity interpretation of coeffs

• So researchers very commonly use log(y + c) for c > 0   

(often c = 1)

• Seems innocuous (“0 and 1 are close”)…  
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Log(y + 1)

• Finally somebody took a careful look at this issue:
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(see also Chen & Roth, Logs with Zeros? Some Problems and Solutions, QJE 2024)



Log(y + 1)

• Clearly written paper, delivers 12 takeaways. E.g.

— “Log1plus regression coefficients are not interpretable as semi-

elasticities of the outcome variable, nor can any economically 

meaningful relationship between the outcome variable and a 

covariate be recovered from a log1plus regression coefficient.”

— “Log1plus regression is almost certain to suffer from two forms 

of bias that make even the sign of a relationship difficult to infer 

from log1plus regression coefficients.”

— these results also hold when using the inverse hyperbolic sine 

(IHS) transformation, a common alternative to log(1+y)

• Authors strongly advocate use of Poisson regression

models instead, which can also be estimated with high-

dimensional fixed effects

— ppmlhdfe in Stata; glmhdfe in R
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Outliers and influential observations
(cf. Verbeek 2021, Section 4.1)

• Many papers in finance have to deal with the potential importance of 

“outliers” (unusual data points) for their results

• Common approaches: univariate trimming or winsorizing

— e.g. winsorizing at 1st and 99th percentile of continuous variables

• This is ad-hoc but widely accepted. Would recommend at least 

studying robustness to different choices (e.g. winsorizing vs. trimming; 

different cut-offs)

— also, consider not just sensitivity to individual obs. but entire units – e.g. if 

use state-level variation, drop one state at a time to assess robustness

• Adams et al. (2019) make the point that univariate 

trimming/winsorizing may not eliminate points with high leverage / 

influence on the results

• And recommend use of alternative “MM”-estimators that are more 

outlier-robust & can also handle many fixed effects

— not commonly used yet to my knowledge
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Researcher degrees of freedom

• Highly recommended (slightly depressing) reading:         

Mitton (RFS 2022)

• He focuses on typical corporate finance regressions 

(leverage, profitability etc.) but things would certainly be 

similar e.g. in financial intermediation papers
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• Proposed remedies:

— robustness checks – but: double-edged sword (can get false negatives, 
plus researchers often have freedom in what they report)

— specification checks: graphically show distribution of results across all 

possible permutations of choices

— more emphasis on economic significance
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Recent example from asset pricing:
“Non-standard errors” (A. Menkveld et al. JF 2024)

• 364 authors from 34 countries and 207 

institutions (incl. HEC, EPFL, Geneva)

• Data: 720 million trade records of 

EuroStoxx 50 index futures, spanning 

17 years

• 5 hypotheses to be tested (e.g. 

“Market efficiency has not changed 

over time”)

• Massive dispersion in point estimates 

(NSE > avg. SE), esp. if hypothesis 
not very concretely articulated

• Hard to predict with characteristics

• Participants underestimate dispersion
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How will AI change the research process?
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5060022, 
https://github.com/velikov-mihail/AI-Powered-Scholarship
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Pre-analysis plans – may be a good idea 
to “tie one’s hands” in some applications
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• Example: Brown et al. (JME 2022), “The Convenience of 

Electronic Payments and Consumer Cash Demand”, 
https://ssrn.com/abstract=3582388 / https://doi.org/10.1016/j.jmoneco.2022.06.001

(For another example (ongoing), see https://osf.io/epmuv/)  

https://ssrn.com/abstract=3582388
https://doi.org/10.1016/j.jmoneco.2022.06.001
https://osf.io/epmuv/


Miscellaneous resources

• How to make nice Beamer slides:

— https://github.com/paulgp/beamer-tips

— https://github.com/kylebutts/templates/tree/master/latex-slides

• More on coding style & organization (mostly Stata):

— https://github.com/skhiggins/Stata_guide

— https://github.com/michaelstepner/healthinequality-
code/blob/main/code/readme.md

— https://julianreif.com/guide/

• Stata – R – Python (etc.) “translations”:

— https://lost-stats.github.io/

— https://stata2r.github.io/

— or ask ChatGPT…
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• “Idea generation”:

— AFA 2023 panel: https://youtu.be/UkPoAktls14?si=7YMr0NeqAdLDVXT9

• Writing:

— John Cochrane’s writing tips for PhD students: 
https://static1.squarespace.com/static/5e6033a4ea02d801f37e15bb/t/5eda7491

9c44fa5f87452697/1591374993570/phd_paper_writing.pdf

— Jesse Shapiro (very short): 
https://scholar.harvard.edu/files/shapiro/files/foursteps.pdf

— McCloskey, “Economical Writing” (book – some say it is life 

changing, but I haven’t read it): https://www.amazon.com/Economical-

Writing-Deirdre-McCloskey/dp/1577660633

— More links to more things: 
https://sites.google.com/site/amandayagan/writingadvice
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• Conferences – check programs to see what people are working on. 

Best ones in my opinion:

— NBER – corporate finance, asset pricing, behavioral finance 

(spring/fall) and Summer Institute – see 

https://www.nber.org/conferences (often streamed on YouTube, you 

should watch, esp. Summer Institute !) 

— AFA (and AEA/ASSA): https://afajof.org/annual-meeting/
https://www.aeaweb.org/conference/

— Western Finance Association (WFA) – https://westernfinance.org/

— European Finance Association (EFA) – https://european-

finance.org/r/annual-meeting

— SFS Cavalcade – http://sfs.org/financecavalcades/sfs-cavalcade-north-
america/

— FIRS – https://firsociety.org/conference/
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