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Model complexity and error
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Matrix form:

̂yML(x*) = x*w = [1 x* (x*)2 … (x*)p]
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Loss function:

Adding nonlinear terms: polynomial order p
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Bias —variance tradeoff 
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Bias —variance tradeoff 
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How to include this in the model?



Bias —variance tradeoff: regularisation
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How to include this in the model?
ℒ = ∥ ̂yML − y∥2

2Regularise the loss function: +λ∥w∥2
2

Penalising the terms with large weight


